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Abstract—We study the tradeoff between the sum rate and
the error probability in downlink of wireless networks. Using
the recent results on the achievable rates of finite-length code-
words, the problem is cast as a joint optimization of the
network sum rate and the per-user error probability. We develop
an efficient algorithm based on the divide-and-conquer tech-
nique to simultaneously maximize the network sum rate and
minimize the maximum users’ error probability and to evalu-
ate the effect of the codeword length on the system performance.
The results show that, in delay-constrained scenarios, optimizing
the per-user error probability plays a key role in achieving high
throughput.

Index Terms—Multi-user networks, finite block-length analy-
sis, multi-objective optimization.

I. INTRODUCTION

THE FIFTH generation of wireless communication (5G)
must support novel traffic types for which low latency,

high data rate, and ultra reliability are of interest. Particularly,
in many applications such as vehicle-to-vehicle and vehicle-
to-infrastructure communications for traffic efficiency/safety
or real-time video processing for augmented reality, the code-
words are required to be short (in the order of ∼ 100 channel
uses) with stringent requirements on the latency and reliabil-
ity [1]. Therefore, it is interesting to optimize the performance
of wireless networks in the presence of finite-length code-
words.

In 2010, [2] presented accurate information-theoretic
approximations for the achievable rates of finite blocklength
codes. Using [2], the performance of wireless networks with
short packets has been studied in various papers, for the cases
with cognitive radio [3], relay networks [4], hybrid automatic
repeat request technique [5].

In this letter, we consider a wireless network with an access
point (AP) serving multiple users. Using short packets, the AP
transmits packets in the downlink to the users, which have dif-
ferent target error probability requirements. Particularly, using
the recent results of [2], we propose a joint sum rate and
per-user error probability optimization problem and investigate
the effect of the codeword length on the system performance.
To solve the joint sum rate and per-user error probability
optimization problem, we develop a low-complexity two-level
algorithm based on the divide-and-conquer approach. Also,
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we derive a closed-form expression for the optimal per-user
error probability (Theorem 1). Finally, we find an efficient and
close-to-optimal power allocation algorithm, in terms of sum
rate and error probability, based on the augmented Lagrange
method [6] (Algorithm 1).

The simulation and analytical results show that 1) our
proposed algorithm can reach (almost) the same performance
as in the exhaustive search-based approach with considerably
less implementation complexity (Figs. 1 and 2). Also, 2) the
throughput is sensitive to the length of short packets while
its sensitivity to the packet length decreases for long packets
(Fig. 2b). Finally, 3) optimal error probability assignment with
water-filling (WF) power allocation achieves higher through-
put, compared to using the optimal power allocation with equal
error probability assignment (Figs. 1, 2a).

II. SYSTEM MODEL

We consider a downlink communication model with N
single-antenna users which are served by a single-antenna AP.
It is assumed that each user is allocated an orthogonal channel
to the AP, for instance they could be separated in the frequency
or time domain. Let us denote the instantaneous channel gain
between the AP and the i-th user, i = 1, . . . , N, by gi. The
channel gain gi can be expressed as gi = ḡiθi , where θi rep-
resents the small scale fading and ḡi is the average channel
gain, obtained by considering the path loss effects and shad-
owing. Thus, with i-th user located at distance di from the
AP, we have ḡi = κid

−δi
i where κi is the signal power gain

at distance 1 meter from the AP and δi is the path loss expo-
nent. Moreover, the power allocated by the AP to the signal of
user i is denoted by pi. Thus, the instantaneous signal-to-noise
ratio (SNR) received by user i is γi = pigi

σ 2 , where σ 2 is the
noise power density. We characterize the network performance
when the AP employs packets of short length. Specifically, the
user i’s message is encoded into the packets of length L and
transmitted with power pi. In this way, the maximum achiev-
able information rate in nats per channel use (npcu) for user i
which can be decoded with block error probability no greater
than εi is given by [7, Thm. 1]

ri = log(1 + γipi) −
√

1

L

(
1 − 1

(1 + γipi)
2

)
Q−1(εi) + log(L)

L
.

(1)

In (1), the achievable rate increases unboundedly as the error
probability tends towards one. On the other hand, the rate
decreases significantly in the cases with strict error proba-
bility requirements, i.e., small εi’s. Also, the achievable rate
increases with the signal length L monotonically and letting
L → ∞, the achievable rate (1) converges to Shannon’s capac-
ity formula in the cases with asymptotically long codewords.

Motivated by the tradeoff between the achievable rates and
the error probability in (1), we consider a joint sum rate maxi-
mization and per-user error probability minimization problem.

2162-2345 c© 2017 IEEE. Personal use is permitted, but republication/redistribution requires IEEE permission.
See http://www.ieee.org/publications_standards/publications/rights/index.html for more information.

Authorized licensed use limited to: The University of Toronto. Downloaded on November 15,2022 at 20:23:49 UTC from IEEE Xplore.  Restrictions apply. 

mailto:haghifam_mahdi@ee.sharif.edu
mailto:mohammad.robatmili@ieee.org
mailto:mnasiri@sharif.edu
mailto:behrooz.makki@chalmers.se
mailto:tommy.svensson@chalmers.se
http://www.ieee.org/publications_standards/publications/rights/index.html


HAGHIFAM et al.: JOINT SUM RATE AND ERROR PROBABILITY OPTIMIZATION: FINITE BLOCKLENGTH ANALYSIS 727

Assuming perfect channel state information (CSI) at the AP,
we study a multi-objective optimization problem

maximize
ε,p

N∑
i=1

log(1 + γipi) −
√

1

L

(
1 − 1

(1 + γipi)
2

)
Q−1(εi)

(2a)
minimize

ε,p
max{ε1, . . . , εN} (2b)

subject to 0 ≤ εi ≤ εmax,i ∀i ∈ {1, . . . , N}, (2c)
0 ≤ pi ∀i ∈ {1, . . . , N}, (2d)

N∑
i=1

pi ≤ Pmax, (2e)

where ε = [ε1, . . . , εN] and p = [p1, . . . , pN]. Also, in (2b),
the goal is to minimize the maximum error probability of the
users. Then, in (2c), εmax,i is the maximum error probabil-
ity constraint of user i which indicates the supporting quality
of service (QoS) requirement of user i. Also, the total power
constraint of the AP is denoted by Pmax. In this way, (2) is
of interest in emerging applications of 5G calling for het-
erogeneous QoS requirements on data rate and reliability.
For instance, massive machine-type communication and ultra-
reliable and low latency communication scenarios demand
short-length packet exchange with stringent requirement on
reliability at moderately low rate [1]. The requirements of the
aforementioned services illustrate how the framework of (2)
can be utilized to balance conflicting performance objectives,
namely, sum rate and maximum error probability. Moreover,
as seen in the following, our discussions are well applicable to
the cases when optimizing the network sum throughput, which
is defined as the product of the rate and the successful mes-
sage decoding probability. However, as opposed to throughput
optimization, (2) is flexible in optimizing the rates and error
probabilities individually based on the QoS requirements.

Depending on the number of users, there may be no closed-
form solution for (2). Thus, we follow the same method as
in [8] to convert the problem into a single objective optimiza-
tion using the weighted sum method while normalizing the
objectives. Also, as seen in Section IV, our proposed sub-
optimal approach can reach (almost) the same performance as
in the optimal exhaustive search-based scheme. With no loss
of generality, we assume εmax,1 ≤ εmax,2 ≤ . . . ≤ εmax,N <
1
2 . Also, to guarantee a consistent comparison between the
objectives in (2a) and (2b), we normalize them as

U1(p, ε) �

[∑N
i=1 log(1 + γipi) −

√
1
L

(
1 − 1

(1+γipi)
2

)
Q−1(εi)

]
SR∞

(3)

U2(ε) � εmax,N − max{ε1, . . . , εN}
εmax,N

, (4)

where SR∞ is a normalization factor that can be found by
plugging the water-filling power allocation expression into the
Shannon’s capacity formula which provides an upper bound
for (2a). Then, we use the weighted sum method to rewrite (2)
as the single-objective optimization problem

maximize
ε,p

ωU1(p, ε) + (1 − ω)U2(ε) (5a)

subject to (2c)−(2e). (5b)

Here, 0 ≤ ω ≤ 1 is the weighting parameter. Note that, with
ω ranging from 0 to 1, scenarios with strict rate requirements

and relaxed error probability requirements to scenarios with
low rate requirements and ultra-reliability are addressed.

III. PROPOSED ALGORITHM

The optimization problem (5) belongs to the class of non-
convex problems which has a multi-modal objective function,
so finding its global optimal solution is computationally infea-
sible. For this reason, we apply the primal decomposition
approach [9] to optimize ε and p separately. In this way, to
solve (5), we use the following iterative approach

p[0]︸︷︷︸
initialization

→ ε[1] → p[1] → . . . ε[T] → p[T]︸ ︷︷ ︸
optimal solution

,

where ε[t] and p[t] are the optimal error probability and power
allocation vectors at iteration t, and T is the maximum number
of iterations considered by the network designer. The details
of our proposed optimization approach are as follows.

A. Error Probability Optimization for a Given
Power Allocation

Here, for a given power allocation p
[t−1] := p, we find the
optimal error probabilities of each user at iteration t denoted
by ε
[t]. Setting z = max{ε1, . . . , εN} and assuming a given
power allocation, (5) is rephrased as

minimize
ε,z

ω

SR∞

N∑
i=1

√
1

L

(
1 − 1

(1 + γipi)
2

)
Q−1(εi) + 1 − ω

εmax,N
z

(6a)

subject to εi ≤ z ∀i ∈ {1, . . . , N} (6b)

0 ≤ z ≤ εmax,N (6c)

0 ≤ εi ≤ εmax,i ∀i ∈ {1, . . . , N} (6d)

Theorem 1 gives a closed-form expression for the optimal error
probability assignment of each user in terms of (6).

Theorem 1: The optimal error probabilities of the users are
given by

ε
 =

⎧⎪⎨
⎪⎩
[
εmax,1, . . . , εmax,k−1, βk, . . . , βk︸ ︷︷ ︸

N−k+1 times

]
βk ∈ Ik

[
εmax,1, . . . , εmax,N

]
otherwise

,

(7)

for k = 1, . . . , N. Here, we define the intervals Ik �
(εmax,k−1, εmax,k] with I1 � (0, εmax,1], and

βk � Q

(√
2 log

( √
L(1 − ω)SR∞

εmax,Nω
√

2π
∑N

i=k

√
γ 2

i p2
i +2γipi

1+γipi

))
.

Proof: Since the constraints in (6b)-(6d) are affine func-
tions in ε and z, it is sufficient to prove that the objective
function in (6a) is convex in order to prove the convex-
ity of (6). The second derivative of Q−1(x) is given by
d2Q−1(x)

dx2 = 2πQ−1(x) exp((Q−1(x))2) > 0 if x < 1
2 . Therefore,

considering the fact that εi ≤ εmax,i ≤ 1
2 , the objec-

tive function in (6a) is a sum of convex functions and an
affine function, i.e., z. Hence, (6) is a convex optimization
problem, and the optimal solution can be found by considering
Karush-Kuhn-Tucker (KKT) conditions. Thus, we write the
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Lagrangian function of (6) as

L(ε, z,λ, ν, η) = ω

SR∞

N∑
i=1

√
1

L

(
1 − 1

(1 + γipi)
2

)
Q−1(εi)

+ 1 − ω

εmax,N
z −

N∑
i=1

λi(z − εi) −
N∑

i=1

νi
(
εmax,i − εi

)
− η

(
εmax,N − z

)
, (8)

where λ = [λ1, . . . , λN] 
 0, η ≥ 0, and ν = [ν1, . . . , νN] 
 0
are dual variables associated with constraints in (6b), (6c),
and (6d), respectively. According to the KKT conditions, the
optimal solution, which is denoted by ε
 and z
, should satisfy

∂L
∂ε


i
= − ω

SR∞

√
1

L

(
1 − 1

(1 + γipi)
2

)√
2π exp

((
Q−1

(
ε


i

))2
2

)

+ λ

i + ν


i = 0, (9a)

∂L
∂z


= 1 − ω

εmax,N
−

N∑
i=1

λ

i + η
 = 0, (9b)

λ

i

(
z
 − ε


i

) = 0, (9c)

ν

i

(
εmax,i − ε


i

) = 0, (9d)

η

(
εmax,N − z


) = 0, (9e)

(6b)-(6d). (9f)

In (9a), we have used dQ−1(x)
dx = −√

2π exp(
(Q−1(x))2

2 ).
From (9c) and (9d), it can be verified that ε


i is equal to
either z
 or εmax,i; otherwise, λ


i and ν

i must be equal to

zero which contradict with (9a). Assume z
 < εmax,N and
z
 ∈ Ik, so according to (9e), we have η
 = 0. Note that,
for 1 ≤ i ≤ k − 1, ε


i must be equal to εmax,i since we have
z
 > εmax,i. Also, due to the fact that z
 < εmax,i, it can be
inferred that ε


i = z
 for k ≤ i ≤ N. Thus, in the cases with
z
 ∈ Ik, we have ε
 = [εmax,1, . . . , εmax,k−1, z
, . . . , z
︸ ︷︷ ︸

N − k + 1 times

].

Then, from (9c) and (9d), it can be concluded that λ

i = 0

for 1 ≤ i ≤ k − 1 and ν

i = 0 for k ≤ i ≤ N. In this way, (9a)

can be expressed as

ω

SR∞

√
1

L

(
1 − 1

(1 + γipi)
2

)√
2π exp

((
Q−1(z
)

)2
2

)
= λ


i ,

(10)

for k ≤ i ≤ N. Also, from (9b) and (10), we have

1 − ω

εmax,N
=

N∑
i=k

λ

i . (11)

Plugging (10) into (11), the upper branch of (7) is found. In
this way, depending on z
 being in each region Ik, the closed-
form solution for ε
 is provided. Then, given z
 = εmax,N , it
is straightforward to show that the objective function in (6a)
is a decreasing function in each εi, so the lower branch of (7)
provides the optimal solution. Note that because of the strict
convexity of (6a), there is an optimal solution for ε which is
found by searching in N + 1 branches of (7).

B. Optimal Power Allocation for a Given Error Probability

Consider a given ε[t] := ε. Then, (5) is relaxed to

maximize
p

ωU1(p, ε) (12a)

subject to (2d)-(2e). (12b)

Since the function in (12a) is non-concave in p, problem (12)
belongs to the class of non-convex optimization problems. In
a non-convex problem, there is a nonzero duality gap between
primal and dual problems. Here, we use the augmented
Lagrange approach [6, Sec. 4] to deal with this non-convex
optimization which reduces the duality gap by augmenting
a penalty-like quadratic term added to the Lagrangian func-
tion. In [6, Sec. 4.2], it has been proved that the augmented
Lagrangian is locally convex when the penalty parameter is
sufficiently large. In contrast to the penalty functions approach,
the augmented Lagrangian function largely preserves smooth-
ness and does not require an asymptotically large penalty
parameter for the method to converge, meaning that the penal-
ization is exact. Augmented Lagrangian algorithms are based
on successive maximization of the augmented Lagrangian
function in which the multiplier estimates and penalty param-
eter are fixed in each iteration and then updated between iter-
ations. Applying the augmented Lagrangian method on (12),
which eliminates the constraints and adds them to the objective
function, gives the augmented Lagrangian function

Lμ,ζ (p) = ω

SR∞

[
N∑

i=1

log(1 + γipi) −
√

1

L

(
1 − 1

(1 + γipi)
2

)
Q−1(εi)

]

− 1

2μ

⎡
⎣(max

{
0, ζ − μ

(
Pmax −

N∑
i=1

pi

)})2

− ζ 2

⎤
⎦, (13)

where μ is a positive coefficient denoting the penalty parame-
ter and ζ is the Lagrangian dual variable associated with (2e).
Then, at stage l of the power allocation problem, we solve

maximize
p

Lμ(l),ζ (l) (p), (14)

which approximates (12) to find the power allocation at
iteration l + 1 denoted by p(l+1). Moreover, variables ζ (l) and
μ(l) are updated according to

ζ (l+1) = max

{
0, ζ (l) − μ(l)

(
Pmax −

N∑
i=1

p(l)
i

)}
,

μ(l+1) = 2μ(l), (15)

respectively. In this way, as μ(l) increases, the violations intro-
duced by constraints are penalized more severely so that the
maximizer of the penalty function in (14) gives the results
closer to the feasible region. In [6, Sec. 4.2], it has been shown
that while the constraints are nonlinear, the convergence rate
of the augmented Lagrangian method is linear.

The iterative joint error probabilities and power allocation
algorithm is summarized in Algorithm 1. In order to ana-
lyze the complexity order of the proposed algorithm, we note
that the optimal error probabilities can be found by (7) with
the complexity O(N). Also, the complexity of the power allo-
cation at each iteration is O(N2). Thus, the complexity of
Algorithm 1 is O(N2) + O(N) = O(N2).

IV. NUMERICAL RESULTS AND CONCLUSION

Here, we study the trade-off between the sum rate and max-
imum error probability. We set the noise power σ 2 = 1, the
number of users N = 4, and the error probability constraints
εmax = [10−5, 5 × 10−5, 10−4, 5 × 10−4] which are often
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Algorithm 1 Error Probabilities Assignment and Power Allocation

1: For every given ω, Pmax, {εmax,1, . . . , εmax,N }, μ(0), and ζ (0).
2: Initialize: p[0] and t = 0.
3: while {ε
[t]} converges do
4: Calculate ε
[t + 1] via (7) with given p
[t].
5: Initialize: l = 0.
6: while {p(l)} converges do
7: Calculate p(l+1) via (14) with given ε
[t + 1], ζ (l), and μ(l).
8: Update ζ (l+1) and μ(l+1) via (15).
9: l = l + 1.

10: end while
11: p
[t + 1] = p(l).
12: t = t + 1
13: end while

assumed for vehicular-to-vehicular communications [1]. Also,
it is assumed that the users are equidistant from the AP. Also,
we consider Rayleigh fading with mean 1. Finally, we set
μ(0) = 1 and ζ (0) = 0.15 in Algorithm 1. For the numerical
results, we consider the cases with L ≥ 100 channel uses, for
which the approximation (1) is tight enough [2]. Also, we com-
pare our method with three baseline algorithms: 1) WF-based
power allocation with the error probabilities of all users set to
the minimum of the required error probabilities, called minmax
error probability assignment, i.e., ε = [εmax,1, . . . , εmax,1],
2) the proposed method for power allocation with the minmax
error probability assignment, and 3) equal power allocation
with the proposed method for the error probabilities assign-
ment. Finally, the results are obtained by averaging over 104

different channel realizations.
Figure 1 shows the tradeoff between the sum rate and the

error probability for different algorithms with Pmax = 6 dB
and L = 200 channel uses. As a performance metric, we define
the sum throughput as T = ∑N

i=1 ri(1 − εi), where the user
i’s codeword rate and error probability are given by ri and εi,
respectively. Then, Fig. 2a demonstrates the sum throughput
versus the AP’s total power constraint Pmax by setting L = 100
channel uses and ω = 0.9. Finally, Fig. 2b evaluates the effect
of the codeword length on the sum throughput. The results
lead to the following conclusions:

• The scheme with the WF power allocation and the error
probability assignment based on Theorem 1 achieves the trade-
off region close to the proposed method optimizing both the
error probability and the power allocation (Fig. 1).

• For short codewords, the throughput is remarkably
affected by the length of the codeword. However, the effect
of increasing the codeword length decreases for long code-
words (Fig. 2b). Also, optimal error probability assignment
with WF power allocation achieves higher throughput com-
pared to optimal power allocation with equal error probability
assignment. Moreover, the performance of WF with minmax
error probability assignment is close to that of the scheme with
the proposed power allocation with minmax error probability
assignment (Figs. 2a and 2b).

• For short codeword (say, L ≤ 1000 channel uses), the
proposed algorithm leads to considerable throughput improve-
ment in comparison with other schemes. For instance, when
L = 100 cu, the performance of the proposed method has 66%
of improvement. However, the performance difference of the
schemes decreases in the cases with long codewords.

• Finally, as observed in Figs. 1, 2a, and 2b, the gap between
the developed algorithm and the exhaustive search-based algo-
rithm diminishes by increasing Pmax or L. Thus, our proposed
algorithm can be effectively applied to jointly optimize the

Fig. 1. Sum rate vs maximum error probability.

Fig. 2. Sum throughput of the considered algorithms. Subplot (a): Sum
throughput vs the total power constraint of the AP. Subplot (b): Sum
throughput vs the codeword length.

sum rate and the error probability of multi-user networks in
delay-constrained applications.

REFERENCES

[1] F. Boccardi, R. W. Heath, A. Lozano, T. L. Marzetta, and P. Popovski,
“Five disruptive technology directions for 5G,” IEEE Commun. Mag.,
vol. 52, no. 2, pp. 74–80, Feb. 2014.

[2] Y. Polyanskiy, H. V. Poor, and S. Verdu, “Channel coding rate in the
finite blocklength regime,” IEEE Trans. Inf. Theory, vol. 56, no. 5,
pp. 2307–2359, May 2010.

[3] B. Makki, T. Svensson, and M. Zorzi, “Finite block-length analysis of
spectrum sharing networks using rate adaptation,” IEEE Trans. Commun.,
vol. 63, no. 8, pp. 2823–2835, Aug. 2015.

[4] Y. Li, M. C. Gursoy, and S. Velipasalar, “Throughput of two-hop wireless
channels with queueing constraints and finite blocklength codes,” in Proc.
IEEE ISIT, Barcelona, Spain, Jul. 2016, pp. 2599–2603.

[5] B. Makki, T. Svensson, and M. Zorzi, “Finite block-length analysis of the
incremental redundancy HARQ,” IEEE Wireless Commun. Lett., vol. 3,
no. 5, pp. 529–532, Oct. 2014.

[6] D. P. Bertsekas, Nonlinear Programming. Belmont, MA, USA: Athena
Sci., 1999.

[7] V. Y. F. Tan and M. Tomamichel, “The third-order term in the normal
approximation for the AWGN channel,” IEEE Trans. Inf. Theory, vol. 61,
no. 5, pp. 2430–2438, May 2015.

[8] W. Yu, L. Musavian, and Q. Ni, “Tradeoff analysis and joint opti-
mization of link-layer energy efficiency and effective capacity toward
green communications,” IEEE Trans. Wireless Commun., vol. 15, no. 5,
pp. 3339–3353, May 2016.

[9] D. P. Palomar and M. Chiang, “A tutorial on decomposition methods
for network utility maximization,” IEEE J. Sel. Areas Commun., vol. 24,
no. 8, pp. 1439–1451, Aug. 2006.

Authorized licensed use limited to: The University of Toronto. Downloaded on November 15,2022 at 20:23:49 UTC from IEEE Xplore.  Restrictions apply. 



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles false
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 0
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo false
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts false
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
    /Arial-Black
    /Arial-BoldItalicMT
    /Arial-BoldMT
    /Arial-ItalicMT
    /ArialMT
    /ArialNarrow
    /ArialNarrow-Bold
    /ArialNarrow-BoldItalic
    /ArialNarrow-Italic
    /ArialUnicodeMS
    /BookAntiqua
    /BookAntiqua-Bold
    /BookAntiqua-BoldItalic
    /BookAntiqua-Italic
    /BookmanOldStyle
    /BookmanOldStyle-Bold
    /BookmanOldStyle-BoldItalic
    /BookmanOldStyle-Italic
    /BookshelfSymbolSeven
    /Century
    /CenturyGothic
    /CenturyGothic-Bold
    /CenturyGothic-BoldItalic
    /CenturyGothic-Italic
    /CenturySchoolbook
    /CenturySchoolbook-Bold
    /CenturySchoolbook-BoldItalic
    /CenturySchoolbook-Italic
    /ComicSansMS
    /ComicSansMS-Bold
    /CourierNewPS-BoldItalicMT
    /CourierNewPS-BoldMT
    /CourierNewPS-ItalicMT
    /CourierNewPSMT
    /EstrangeloEdessa
    /FranklinGothic-Medium
    /FranklinGothic-MediumItalic
    /Garamond
    /Garamond-Bold
    /Garamond-Italic
    /Gautami
    /Georgia
    /Georgia-Bold
    /Georgia-BoldItalic
    /Georgia-Italic
    /Haettenschweiler
    /Helvetica
    /Helvetica-Bold
    /HelveticaBolditalic-BoldOblique
    /Helvetica-BoldOblique
    /Impact
    /Kartika
    /Latha
    /LetterGothicMT
    /LetterGothicMT-Bold
    /LetterGothicMT-BoldOblique
    /LetterGothicMT-Oblique
    /LucidaConsole
    /LucidaSans
    /LucidaSans-Demi
    /LucidaSans-DemiItalic
    /LucidaSans-Italic
    /LucidaSansUnicode
    /Mangal-Regular
    /MicrosoftSansSerif
    /MonotypeCorsiva
    /MSReferenceSansSerif
    /MSReferenceSpecialty
    /MVBoli
    /PalatinoLinotype-Bold
    /PalatinoLinotype-BoldItalic
    /PalatinoLinotype-Italic
    /PalatinoLinotype-Roman
    /Raavi
    /Shruti
    /Sylfaen
    /SymbolMT
    /Tahoma
    /Tahoma-Bold
    /Times-Bold
    /Times-BoldItalic
    /Times-Italic
    /TimesNewRomanMT-ExtraBold
    /TimesNewRomanPS-BoldItalicMT
    /TimesNewRomanPS-BoldMT
    /TimesNewRomanPS-ItalicMT
    /TimesNewRomanPSMT
    /Times-Roman
    /Trebuchet-BoldItalic
    /TrebuchetMS
    /TrebuchetMS-Bold
    /TrebuchetMS-Italic
    /Tunga-Regular
    /Verdana
    /Verdana-Bold
    /Verdana-BoldItalic
    /Verdana-Italic
    /Vrinda
    /Webdings
    /Wingdings2
    /Wingdings3
    /Wingdings-Regular
    /ZapfChanceryITCbyBT-MediumItal
    /ZapfChancery-MediumItalic
    /ZapfDingBats
    /ZapfDingbatsITCbyBT-Regular
    /ZWAdobeF
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 200
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 200
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 400
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e55464e1a65876863768467e5770b548c62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc666e901a554652d965874ef6768467e5770b548c52175370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA (Utilizzare queste impostazioni per creare documenti Adobe PDF adatti per visualizzare e stampare documenti aziendali in modo affidabile. I documenti PDF creati possono essere aperti con Acrobat e Adobe Reader 5.0 e versioni successive.)
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020be44c988b2c8c2a40020bb38c11cb97c0020c548c815c801c73cb85c0020bcf4ace00020c778c1c4d558b2940020b3700020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken waarmee zakelijke documenten betrouwbaar kunnen worden weergegeven en afgedrukt. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create PDFs that match the "Recommended"  settings for PDF Specification 4.01)
  >>
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


